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Abstract

Forecasting changes of stock price on financial markets has
been one of the biggest challenges in forecasting financial time
series. A reliable forecast of changes in stock price can be
extremely profitable to stockholders. Due to the intrinsic
complexity of financial data in stock market, developing a
practical model for forecasting fluctuations in stock price is
challenging. This paper represents a model for stock price
prediction for the firms in Tehran Stock Exchange by using
internal and external data of the firm based on artificial neural
networks (Perceptron multi - layers). This paper also
demonstrates the ability of artificial neural networks
particularly with structured back propagation patterns to predict
stock prices in firms. Furthermore by using macro - economic
data such as rate of inflation, foreign currency exchange rate,
Tehran stock exchange macro indexes and gold price besides
internal data of the firm (financial ratio and stock information)
in this model, results prove to be reliable than other similar
studies in this field. Results show that network architecture of 3
layers and 8 neurons in the first layer, 4 neurons in the second
layer and 2 output and a 2 layer architecture with 12 neuron in
the first layer and 2 output are suitable models.
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